
Qlik Answers: Smarter than a Newly-
Minted MBA? 
Qlik provides an easy-to-use platform that makes it simple to consume unstructured data so sophisticated 

generative AI chatbots can provide actionable business intelligence – all with just a few mouse clicks. 

A few months back, I had a chance to take a close look at the latest version of Qlik Answers for 

developing Generative AI solutions. At Qlik Connect in May, I spoke with executives and developers 

about their vision for capturing valuable business insights into their customers’ data, especially if it was 

strewn across thousands of pages of documents or other unstructured data sources. 

My Twisting, Turning Path to Generative AI Knowledge 
By profession, I’m an Oracle DBA with 25 years of experience in data engineering and application 

programming. Over the past year, I’ve built some simple yet rewarding Generative AI and Retrieval 

Augmented Generation (RAG) chatbot applications with Oracle Database 23ai technology and Oracle 

Application Express (APEX) within their Oracle Cloud Infrastructure (OCI) public cloud.  

The most interesting one so far involved gathering a corpus of documents about electric vehicles (EVs) – 

their positives and negatives, as well as common myths about their impact on the environment - and 

transforming them into vectorized, searchable content via a pre-trained Open Neural Network Exchange 

(ONNX) LLM model from HuggingFace (all-MiniLM-L-12-V2). I then used Meta’s llama-3.3-70b-

instruct model to perform cosine similarity searches against the vectorized content and then return 

cogent answers based on comments and questions about EVs within a simulated social media network. 

I’ll be honest: It took me several weeks to sufficiently master these concepts and build example 

applications that yielded relatively hallucination-free answers. And it took months before I felt comfortable 

presenting my work to colleagues at user group conferences.  

I came away with a new respect for the depth of knowledge required to deliver qualified answers from 

LLMs and Generative AI applications. I believe that’s given me sufficient background to evaluate other 

vendors’ solutions for similar applications as our industry hurtles towards an Agentic AI future.  

Could Qlik Answers Navigate the Promise and Pitfalls of Agentic AI and 
Generative AI? 
The universe of Agentic and Generative AI tools and solutions is constantly changing, so I imagined a 

scenario for Qlik Answers to assess from the viewpoint of an organization’s C-level executive. Here’s a 

few questions I’d expect should be asked when considering an AI-forward orientation: 

• Just how reliable and worthwhile are Generative AI, RAG, and Agentic AI from a business 

perspective? 

• If I decide to implement them in some way within my company’s IT organization, what business 

outcomes should I reasonably expect? 

• What known risks or pitfalls should I be aware of as I plot out that AI-forward strategy?  

I’ll walk through the steps it took to build a chatbot via Qlik Answers that could tackle these questions. 



Setting Up Qlik Cloud DevOps Environment  
After I got my Qlik user account established and signed in, I took care 

of some important setup tasks. I clicked on the hamburger icon at top 

left and opened the Manage users option from the Administrative menu 

(Figure 1). I then selected my user account and using the ellipsis 

button at far right of my account, I opened the Manage roles option 

(Figure 2).  

It’s really important to select all user roles except for Embedded 

Analytics, plus all admin roles available, especially Audit Admin (Figure 

3). If you forget that last one, your chatbot will not display a crucial 

feature that allows you to review and act upon the results of prior 

conversations. 

Once I selected all required roles, I clicked that hamburger icon again 

to move on to my next task: creating a Qlik space.  

 

Figure 3. Selecting user and admin roles 

Figure 2. Managing users 

Figure 1. Managing roles 



Next, I opened the Qlik Analytics option from the side menu and then selected the Space option to create 

a shared location within Qlik Cloud to store my data sources and the eventual chatbot application (Figure 

4).  

 

Figure 4. Creating a Space 

I named the space QA_Dev, added a description, and marked it as Shared so if needed, I could invite 

other users to access its contents. 

 

Figure 5. Naming the Space  

Creating and Populating a Knowledge Base 
I chose a rather novel topic for Qlik Answers to assess from a C-level executive’s viewpoint:  



• Just how reliable and worthwhile are Generative AI, RAG, and Agentic AI from a business 

perspective? 

• If I decide to implement them in some way within my company’s IT organization, what business 

outcomes should I reasonably expect? 

• What known risks or pitfalls should I be aware of as I plot out that AI-forward strategy?  

To answer the C-level executive questions mentioned previously, I leveraged several documents I’d 

gathered over the past several months in preparation for a recent keynote session. I used nearly 30 

documents from multiple sources, including scholarly papers, digital news reports, and blog posts by 

reputable authors. To make this scenario a bit more interesting and to see how well Qlik Answers handles 

diverse input, I made sure at least 30% of my sources had a relatively positive outlook about Generative 

and Agentic AI.  

Note: I’ve listed the documents and their sources in Appendix A. 

To make these documents available for Qlik Answers, I created a knowledge base (Figure 6).  

 

Figure 6. Creating a knowledge base 

I named the new knowledge base Unstructured (Figure 7) and chose the option to Browse and upload 

files to start the upload process (Figure 8). 



 

Figure 7. Naming the knowledge base  

 

Figure 8. Selecting the knowledge base source   

It was then a simple matter to select and upload the series of PDFs I’d gathered into the knowledge base 

(Figures 9 through 11). 



 

Figure 9. Adding new files to knowledge base 

 

Figure 10. Selecting source files from directory 

 

Figure 11. Confirming selection of individual source files 



Once all documents were added, my next step was to make them eventually usable. I did that by applying 

Qlik’s indexing process to each file (Figure 12) by clicking the Index all button. 

 

Figure 12. Applying indexing 

Indexing essentially transforms the contents of each document by chopping them up into smaller, 

meaningful pieces and then turning them into vectorized embeddings by applying an appropriate large 

language model (LLM) algorithm.  

Figure 13 shows the indexing process underway; it only took about 3 minutes to complete.  

 

Figure 13. Applying indexing 

And Figure 14 shows the end result: My selected documents comprised nearly 700 pages of content 

that’s now effectively searchable through a chatbot interface. 



 

Figure 14. Indexing completed  

Compared to my experiences on other platforms with gathering corpus documents and then “vectorizing” 

them before they’d be of use to a chatbot or other generative AI tool, this process was surprisingly simple 

to accomplish and took less than five (5) minutes to complete.  

Creating a Chatbot  
It’s finally time to create my Qlik Answers chatbot and see what it can discover through some intelligent 

prompting. I started that process by clicking on the Create assistant button in the top right corner. 

I named it AI Feasibility Bot, added basic documentation on its purpose so a user could understand its 

goals, and included it as part of my QA_Dev space (Figure 15). 

 

Figure 15. Chatbot: Initial setup 



In a few seconds, my new chatbot is ready to run; here’s the initial result with the initial chat page hidden 

(Figure 16). 

 

Figure 16. Chatbot: Post-creation confirmation 

One thing I really like about the Qlik Answers interface is its simplicity in customizing my new chatbot’s 

appearance and interaction with its users. Since a new user may not be sure how to proceed to ask 

questions, I can add conversation starters to inspire them (Figure 17).  

 

Figure 17. Adding chatbot conversation starters 

And I can also customize everything from the chatbot’s initial appearance to the way it handles user 

prompts via the Settings tab (Figure 18). I particularly like the ability to trap prompt injections (e.g. Ignore 

all previous instructions and [perform something malicious against the knowledge base]) and inform the 

prompter they’ve violated prompting protocol. 



 

Figure 18. Specifying chatbot conversation settings  

My chatbot is ready to go, so it’s time to evaluate how it performs with some real-world questions about 

Generative and Agentic AI. 

  



Answers, Phase 1: Some Softballs 
I started with some relatively simple tests against my chatbot (Figure 19). I allowed my natural tendency 

as a seasoned DBA to contemplate what business risks I might encounter with AI in general:  

 

Figure 19. Softball question #1 response  

An interesting response! I also noted the chatbot indicated four (4) different documents were used to 

prepare its answer. More on that in a second, just after I ask another reasonably simple question (Figure 

20). 



 

Figure 20. Softball Question #2 response  

From my perspective as someone who curated the source documents, that’s a pretty nuanced answer. 

Let’s take a look at the two (2) sources the chatbot claims it derived the answer from (Figure 21).  

 



 

Figure 21. Document sourcing  

Interestingly, the chatbot selected the now-famous MIT study that says 95% of surveyed Generative AI 

projects never provide any positive return to the implementer’s profit and loss statements. I like that Qlik 

Answers specifically identifies the exact sources of its inference and even lets me download the source 

document in PDF format (Figure 21).  

Answers, Phase 2: More “Reasoning” Required 
Let’s move on to some questions that require “reasoning” and interpretation of a specific question. I’d like 

my chatbot to identify the benefits my IT team might reap if we deployed Agentic AI within our 

organization (Figure 22).  

 



 

Figure 22. More “reasoning” required  

My chatbot returned a pretty sophisticated answer, including the points about agentic AI mesh 

architecture, and some warnings about the pitfalls of a haphazard implementation of agentic AI and the 

organizational changes needed to ensure success. And the references to source documents give added 

credence from reputable sources before any decisions are made. 

Next, I asked my chatbot for some more specific advice about the right technology to deploy to implement 

Agentic AI with the best chance for accuracy (Figure 23).   

 

Figure 23. Recommending the most accurate AI toolset 



Needless to say, I was surprised at the specificity of its answer. I decided to plumb this a little deeper 

after a few more questions. 

Answers, Phase 3: Fakeout Attempts 
Generative AI can be compromised to return improper responses to sensitive questions or even 

confabulate answers, so I tried to get my chatbot to respond to attempts to go beyond its boundaries as 

defined by my chosen source documents. Figure 24 shows the results:  

• First, I asked my chatbot to reason beyond its boundaries with a question about ransomware 

capabilities. It responded – appropriately – that it didn’t have sufficient information. 

• I also attempted prompt injection to obtain sensitive or compromising information. My chatbot refused 

to continue with the request – again, the correct response. 

• Finally, I asked it to provide something beyond its boundaries in terms of current events. Yet again, it 

responded correctly that it wasn’t able to provide an answer. (At press time, Larry Ellison was no 

longer the richest man in the world.) 

 

 

Figure 24. Attempting answers beyond knowledge boundaries and prompt injection 

Answers, Phase 4: A Fly In the Ointment? 
I wasn’t satisfied with the previous answer about which Agentic AI tools provided the most accurate 

solution, so I followed up with a differently-worded question (Figure 25):  



 

Figure 25. Open-ended question, but a surprisingly specific response  

That answer appeared amazingly similar to what my chatbot returned for an earlier question (see Figure 

23). Fortunately, the Source tab makes it easy to track down which documents the chatbot decided to use 

for its answer. Here’s what it showed (Figure 26): 

 

Figure 26. Unexpected interference detected! 



This looks remarkably like a prompt injection attempt that clearly affected the results returned to my valid 

question, but I certainly didn’t supply it via system prompt or other any method during the chat session! I 

downloaded the source document indicated, but after a careful visual review I couldn’t find this text in the 

clear anywhere within it. 

And that’s because I purposely attempted to deceive my chatbot. 

I used a technique recently described in an article by NikkeiAsia on how university researchers have been 

hiding AI prompts within research papers to secure positive reviews about their content if the paper has 

been scanned via AI tools instead of a human reviewer actually reading the paper and evaluating its 

contents. I simply hid that prompt within the first few pages of the PDF using a very small font with white 

lettering to obscure it from view of human eyes. Figure 27 shows the original text before it was changed 

to hide it by changing its font color from black to white. 

 

Figure 27. Hidden malicious prompt injection attempt 

Fortunately, Qlik Answers did capture that prompt and reported why it had given Oracle technology 

incredibly good scores for its AI-focused technology. 

To make sure my fellow DevOps team knew about this issue, I downvoted this particular chatbot 

response (Figure 28) and added commentary suggesting the removal of the source document to improve 

future responses. The downvote was immediately available from my chatbot’s Review panel, as were all 

of the conversations I’d conducted during my evaluations (Figure 29). 

https://asia.nikkei.com/business/technology/artificial-intelligence/positive-review-only-researchers-hide-ai-prompts-in-papers


 

Figure 28. Providing a review of the malicious prompt injection attempt 

 

Figure 29. Listing all chatbot conversations and their review status 

Conclusions 
Qlik Answers made short work of building out a Generative AI solution in a matter of minutes that was 

capable of reasonably sophisticated responses to questions I posed based on the boundaries my 

knowledge base defined: 

• It was extremely easy to set up a knowledge base, populate it with unstructured documents as my 

data sources, and prepare for delving into them for meaningful intelligence within a matter of minutes. 

• My chatbot was simple to custom-configure without worrying about AI concepts like temperature or 

exactly which LLM model to use – it just worked, right out of the box.  

• Since I’d read the majority of my source documents carefully, I am reasonably sure my chatbot didn’t 

hallucinate during conversations, and it did respond correctly when it was asked to exceed the 

boundaries of the specific unstructured data I’d supplied. 

• I threw my chatbot a few loops to see how it would respond; in my opinion, it performed quite well in 

catching my attempts at deception. 

While I’ll grant my experiments were limited to a much smaller number of unstructured documents than 

most generative AI implementations may need to access, those limitations made it easier to verify my 

chatbot’s ability to answer within those boundaries.  



Of course, your mileage may vary … so be sure to test your assumptions as arduously as I believe I have 

before reaching similar conclusions.  

If you’d like to experiment with Qlik Answers, it’s eminently simple to do – just sign up for a trial account, 

gather your documents and relational data like I did, and then get started with probing your data sources 

for meaningful intelligence. 

  

https://register.myqlik.qlik.com/


Appendix A: Source Documents 
Here’s a table of the various documents I used as my sources for evaluating the capabilities of Qlik 

Answers to generate useful intelligence on the state of Generative and Agentic AI from several 

perspectives.  

Title URL 

The next jobs downturn could mean an AI-induced 

purge of millions of workers 

https://www.axios.com/2025/08/06/ai-recession-jobs-

unemployment 

'I'm being paid to fix issues caused by AI' https://www.bbc.com/news/articles/cyvm1dyp9v2o 

‘Everybody’s Replaceable’: The New Ways Bosses 

Talk About Workers 

https://www.wsj.com/lifestyle/workplace/corporate-bosses-

workers-culture-changing-cbd19c2c 

ChatGPT Gave Instructions for Murder, Self-

Mutilation, and Devil Worship 

https://www.theatlantic.com/technology/archive/2025/07/chatgpt-

ai-self-mutilation-satanism/683649/ 

Do Users Write More Insecure Code with AI 

Assistants? 

https://arxiv.org/abs/2211.03622 

DOGE Developed Error-Prone AI Tool to “Munch” 

Veterans Affairs Contracts 

https://www.propublica.org/article/trump-doge-veterans-affairs-

ai-contracts-health-care 

Measuring the Impact of Early-2025 AI on 

Experienced Open-Source Developer Productivity 

https://arxiv.org/abs/2507.09089 

AI is gutting workforces—and an ex-Google exec says 

CEOs are too busy ‘celebrating’ their efficiency gains 

to see they’re next 

https://fortune.com/2025/08/06/ai-job-killer-ex-google-executive-

mo-gawdat-warns-workers-ceos-politicians-replaced-robots/ 

Frontier Models are Capable of In-context Scheming https://arxiv.org/pdf/2412.04984 

Generative AI, Bullshit as a Service https://x.com/Alber_RomGar/status/1763946575330463944 

Hackers Hijacked Google’s Gemini AI With a 

Poisoned Calendar Invite to Take Over a Smart Home 

https://www.wired.com/story/google-gemini-calendar-invite-

hijack-smart-home/ 

Killing machines: how Russia and Ukraine’s race to 

perfect deadly pilotless drones could harm us all 

https://www.theguardian.com/world/2025/jun/25/ukraine-russia-

autonomous-drones-ai 

The GenAI Divide: State Of AI In Business 2025 https://nanda.media.mit.edu/ 

No, AI is not Making Engineers 10x as Productive https://colton.dev/blog/curing-your-ai-10x-engineer-imposter-

syndrome/ 

Scientists reportedly hiding AI text prompts in 

academic papers to receive positive peer reviews 

https://www.theguardian.com/technology/2025/jul/14/scientists-

reportedly-hiding-ai-text-prompts-in-academic-papers-to-

receive-positive-peer-reviews 

State of Cybersecurity Resilience 2025:  Accenture https://www.accenture.com/us-en/insights/security/state-

cybersecurity-2025 
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We did the math on AI’s energy footprint. Here’s the 

story you haven’t heard: MIT Technology Review 

https://www.technologyreview.com/2025/05/20/1116327/ai-

energy-usage-climate-footprint-big-tech/ 

Why CIOs should be wary of agentic AI claims and 

vendor-led hype 

https://www.ciodive.com/news/AI-agent-washing-claims-vetting-

technology-vendors/753621/ 

Your Brain on ChatGPT: Accumulation of Cognitive 

Debt when Using an AI Assistant for Essay Writing 

Task 

https://arxiv.org/abs/2506.08872 

5 mindshifts to supercharge business growth https://www.ibm.com/thought-leadership/institute-business-

value/en-us/c-suite-study/ceo 

Delivering the Power of Frontier Models: Oracle's 

Collaboration with Google 

https://blogs.oracle.com/ai-and-datascience/post/google-gemini-

oracle 

Gen AI adoption: The next inflection point https://www.mckinsey.com/capabilities/people-and-

organizational-performance/our-insights/gen-ais-next-inflection-

point-from-employee-experimentation-to-organizational-

transformation 

McKinsey technology trends outlook 2025 https://www.mckinsey.com/capabilities/mckinsey-digital/our-

insights/the-top-trends-in-tech 

Rethinking decision making to unlock AI potential https://www.mckinsey.com/capabilities/mckinsey-digital/our-

insights/the-top-trends-in-tech 

Seizing the agentic AI advantage https://www.mckinsey.com/capabilities/quantumblack/our-

insights/seizing-the-agentic-ai-advantage 

The CIO Playbook: Measuring the ROI of AI https://www.grammarly.com/business/events-

resources/ebook/cio-playbook 
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